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ID 1 2 3 = 5 6
0.643 -0.0733 -0.293 -2.130 -3.508  0.642
-0.268 0.645 -0.581 -4.083 -6479 -0.048
-0.195  -0.074 0.687 -2.490 -3.865 0.514
-0.121 -0.068  -0.220 = 0.664 -3.173 0.714
-0.110  -0.067  -0.223  -1.715 = 0.703 0.729
-0.070  -0.101 -0.423  -0.335  0.670 0.761
. All | 0.308 0.371 -0.167 -4.693 -3.725 -0.711
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